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Identification for Development: The Biometrics Revolution

Over 1 billion people have been covered by biometric
identification programs in the Low Middle Income Countries

41 surveyed cases, covering
&48 million peocple [est)

oo

*ldentification for Development: The Biometrics Revolution, A. Gelb and ). Clark, Center for Global Development, NW, Washington
bDC, Working Paper 315, lan. 2013, http://www.cgdev.org/sites/default/files/1426862_file_Riometric_ID_for_Development.pdf
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